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Background and Objective Results and Conclusions

The NeuroBioBank (NBB) is a national resource for investigators The pilot study demonstrated the potential of LLMs in structuring
conducting research on conditions of the nervous system using unstructured neuropathological reports of Parkinson's Disease
human post-mortem brain tissue and includes pathological patients available in the NBB. The developed data model and
reports. However, the unstructured nature of neuropathological extraction pipeline allowed for the accurate extraction of 74.2%
reports poses significant challenges in extracting meaningful findings from microscopic evaluations. These findings were then
and consistent data. We investigated the potential of Large mapped and harmonized with a data model specifically developed
Language Models (LLMs) in unpacking unstructured for neuropathological conditions. This approach could be applied t1g
neuropathological reports, with a focus on a subset of patients other conditions and facilitate research efforts.
with Parkinson's Disease. 4
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Unstructured data: Structured data: Error Recovery Precision  Missing/Normal
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LLM Questionnaire

Was substantia
nigra mentioned in the
report?

1-Yes

substantia nigra
hypopigmentation
mentioned Iin the
report?

1-Yes

'

What is the severity of
substantia nigra
hypopigmentation?
O- None, 1- Mild, 2-
Moderate, 3- Severe
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* data which meet principles of findability, accessibility, interoperability, and reusability.



